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Abstract

This study aims to develop and validate a Buyer Platform Experience (PLX) scale focused on the cognitive and relational
dimensions of buyer experience in online marketplaces. Adopting a five-stage sequential scale-development methodology, the
research combines qualitative interviews with quantitative analyses using SPSS and AMOS. A four-dimensional scale—variety,
service excellence, competitive pricing, and promotional effectiveness—was validated through exploratory and confirmatory
factor analyses. Structural equation modeling confirmed that variety, service excellence, and competitive pricing significantly
predict customer loyalty. The findings isolate cognitive and relational aspects often overlooked in existing customer-
experience frameworks and offer practical guidance for platform managers seeking to enhance buyer retention through ser-

vice quality, price competitiveness, and variety management.
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Introduction

Online Platforms and e-Marketplaces

Online marketplaces enable consumers to compare prod-
ucts and prices across sellers, making cognitive and rela-
tional experiences central to decision-making. Cognitive
platform experience refers to the buyer’s rational appraisal
of assortment, pricing, and information quality, while rela-
tional platform experience involves trust, service respon-
siveness, and reciprocity developed through ongoing
interactions. These two facets are especially critical as buy-
ers often evaluate competing platforms side-by-side.
However, existing studies have typically isolated either
cognitive (e.g., assortment cognition) or affective dimen-
sions, leaving the cognitive-relational nexus under-speci-
fied. Moreover, prior scales were developed in single-
brand or pure-play e-retail settings, limiting their applic-
ability to multi-sided marketplaces. This gap motivates
the present study. To contextualize our approach, we

first position online marketplaces within the broader
category of platforms. Hagiu and Wright (2015) define a
platform as “a business that enables direct interactions
between affiliated customers.”Rogers (2016) extends this
definition as “a business that creates value by facilitating
direct interactions between two or more distinct types of
customers.” Platforms reduce the costs of search and
interaction through matchmaking, audience-building,
and friction reduction (Evans & Schmalensee, n.d.).
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Online platforms have become one of the most domi-
nant business models in today’s global economy.
Defined as digital services that facilitate interactions
between distinct but interdependent user groups (OECD,
2019), their rise dates back to the early 2000s with the
development of secure online payment systems like
PayPal. Since then, advances in logistics, connectivity,
and mobile technologies have accelerated platform
growth across industries (Hagiu & Wright, 2015; Tiwana
et al., 2010). Remarkable examples include mobility ser-
vices, such as Uber, BlaBlaCar, and Flixbus, which have
disrupted the transportation industry (Hein et al., 2019).
Moreover, the success of platforms such as Apple’s App
Store has given rise to a new demand for users to make
use of digital services offered by the emerging app.
Google and Microsoft have also introduced their app
stores as followers of Apple. Owing to the considerable
benefits they bring to the economy and society, the most
successful online platforms have attracted hundreds of
millions of users, making them among the world’s most
visited websites. In the European Union, 76% of EU cit-
izens used online platforms to watch a video or listen to
music, 72% made online shopping from platforms, and
70% used social networks at least once. During the
Covid-19 period, the use of online platforms increased
significantly. As a result, the total value of the top 100
platforms in the world increased to €10.5 trillion in 10
months from January to October 2020 (European
Commission, 2019).

As a type of online platform, online marketplaces
direct transactions between sellers and buyers, to
exchange goods and services. Online marketplaces date
back to 1982 when Boston Computer Exchange
(BoCoEx) was launched. BoCoEx was a marketplace
where electronic trading of used computers took place.
The emergence of the first business-to-consumer and
consumer-to-consumer marketplaces took place in
1995. In 1995, eBay, a global online auction and trad-
ing company launched by American entrepreneur
Pierre Omidyar, was one of the first companies to cre-
ate and market an Internet website to match buyers
and sellers of goods and services. In the same year, Jeff
Bezos launched Amazon, which served as an online
book marketplace. Today, an increasing number of
consumers participate in e-commerce via online mar-
ketplaces that connect buyers with third-party sellers,
drawn by advantages such as user-friendly search and
payment systems, as well as a wide variety of products
and sellers to choose among. Total retail e-commerce
sales are expected to reach $7,528 trillion in 2025, com-
pared to $5,211 trillion in 2021, with an increase of
44.5% and it is also estimated that by 2026, world
online shopping could exceed $8 trillion, accounting
for almost one quarter (24%) of all consumer spending

on Earth (Cramer-Flood, 2022). In the last few years,
statistics and future expectations regarding online mar-
ketplaces have been reviewed, and even more remark-
able figures have been encountered. By 2027, third-
party sales through online marketplaces are expected
to account for 59% of all global e-commerce, up from
56% in 2022 (Edge by Ascential, 2022). To illustrate
the relative scale of the leading marketplaces, the
Gross Merchandise Volume (GMYV) is approximately
$693 billion for Amazon, $617 billion for Taobao, and
$597 billion for Tmall (eCommerceDB, 2022).

Understanding the Experience Construct

Customer experience has multiple, yet converging, defini-
tions in the literature. Schmitt (1999) takes a multidimen-
sional view and identifies five types of experiences:
sensory (sense), affective(feel), cognitive (think), physical
(act), and social-identity (relate) experiences. Customer
experience is defined by Shaw and Ivens (2002) as the
outcome of interactions between the customer and an
organization which is composed of physical perfor-
mance, senses, and emotions evoked. Verhoef et al.
(2009) underline the holistic nature of customer experi-
ence which involves cognitive, affective, social, and phys-
ical responses of consumers towards the organization or
brand. Bagdare and Jain (2013) explained customer
experience as the totality of cognitive, affective, sensor-
ial, and behavioral responses generated during the buy-
ing process as a result of interactions made between
customers and organizations’ environments, objects, and
people. Similarly, Lemon and Verhoef (2016) defined
customer experience as “a multidimensional construct
focusing on a customer’s cognitive, emotional, beha-
vioral, sensorial, and social responses to a firm’s offer-
ings during the customer’s entire purchase journey.”
They proposed that to further understand the customer
experience construct, it is crucial to differentiate it from
other customer-focused constructs such as customer
satisfaction, service quality, trust, commitment, and cus-
tomer engagement. Customer satisfaction could be a
component of the customer experience, focusing on cog-
nitive evaluation (Lemon & Verhoef, 2016), whereas ser-
vice quality is an antecedent (Mittal et al., 1999). Trust
and commitment, key constructs in relationship market-
ing, are related to customer experience but play conse-
quential rather than definitional roles. Commitment is a
consequence of customer experience (Lemon & Verhoef,
2016), and trust is a state variable that may indirectly
influence customer experience (Geyskens et al., 1998).
Customer experience is different from brand-focused
concepts such as brand involvement and brand attach-
ment (Brakus et al., 2009). A concise narrative compari-
son underscores PLX’s marketplace-specific focus. The
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Brand-Experience scale (Brakus et al., 2009) emphasizes
sensory and affective reactions (e.g., “This brand makes
a strong impression on my visual sense or other senses”)
without gauging assortment or price perceptions. The
Online Engagement scale (Paruthi & Kaur, 2017) high-
lights social connection (e.g., “I love accessing X with
my friends”) yet omits evaluations of variety breadth or
competitive pricing. Likewise, the Consumer Brand
Engagement scale (Hollebeek et al., 2014) taps beha-
vioral activation (e.g., “I spend a lot of time interacting
with the brand”) but offers no coverage of promotion
effectiveness or service excellence. Collectively, these con-
trasts underline the research gap that the Buyer-PLX
scale fills: a simultaneous appraisal of marketplace-level
economic cues (variety, competitive pricing) and rela-
tional assurances (service excellence), yet they remain
silent on the deeper cognitive-motivational mechanisms
at play in two-sided marketplaces.

Building on this gap, prior experience measures still
overlook the joint role of appraisal, motivation, and reci-
procity in multi-seller contexts. Recent evidence shows
that discrete appraisal dimensions trigger high-arousal
consumer emotions such as delight (Gao et al., 2013)
and that outcome desirability, agency, fairness, and cer-
tainty guide decision making (Watson & Spence, 2007).
Complementing this evaluative lens, Self-Determination
Theory demonstrates that autonomy, competence, and
relatedness shape online satisfaction and help segment
digital consumers (Appolloni et al., 2023; Tandon &
Ertz, 2022). Finally, Social-Exchange Theory explains
how perceived benefits versus costs govern trust and con-
tinuous participation in e-commerce settings (Ko¢ &
Cevik, 2022; Wang et al., 2024). Taken together, these
findings justify the development of a Buyer-PLX scale
that explicitly models (a) cognitive appraisal of platform
cues, (b) intrinsic—extrinsic motivation fulfilment, and (c)
perceived reciprocity in buyer—seller interactions.

Prior experience measures overlook the joint role of
appraisal, motivation, and reciprocity in two-sided mar-
ketplaces. Recent evidence shows that discrete appraisal
dimensions trigger high-arousal consumer emotions (e.g.,
delight) (Gao et al., 2013) and that outcome desirability,
agency, fairness, and certainty guide decision making
(Watson & Spence, 2007). Complementing this evalua-
tive lens, Self-Determination Theory demonstrates that
autonomy, competence, and relatedness shape online
satisfaction and segment digital consumers (Appolloni
et al., 2023; Tandon & Ertz, 2022). Finally, Social-
Exchange Theory explains how perceived benefits versus
costs govern trust and continuous participation in e-
commerce settings (Ko¢ & Cevik, 2022; Wang et al.,
2024). Taken together, these findings justify the develop-
ment of a Buyer-PLX scale that explicitly models (a) cog-
nitive appraisal of platform cues, (b) intrinsic—extrinsic

motivation fulfilment, and (c) perceived reciprocity in
buyer—seller interactions.

Customer experience is a dynamic and iterative pro-
cess that unfolds across various stages of a customer’s
journey with a firm, from pre-purchase to purchase and
post-purchase. It incorporates past experiences, includ-
ing prior purchases, and external factors that influence
customer decisions (Lemon & Verhoef, 2016). The pre-
purchase stage encompasses the customer’s experience
from the beginning of need/goal/impulse recognition to
consider satisfying the need/goal/impulse with a pur-
chase (Hoyer, 1984; Pieters et al., 1995). The purchase
stage covers all customer interactions with the brand
during an actual purchase event and is characterized by
behaviors such as choice, ordering, and payment (Baker
et al., 1994; Ofir & Simonson, 2007). The post-purchase
stage includes behaviors such as usage and consumption,
post-purchase engagement, and service requests, and
covers aspects of the customer’s experience after pur-
chase that relate in some way to the brand or product/
service itself (Lemon & Verhoef, 2016). Lemon and
Verhoef (2016) identified four categories of customer
experience touchpoints within the customer journey: (a)
brand-owned, including advertising, websites, loyalty
programs, and other brand-controlled elements; (b) part-
ner-owned, involving marketing agencies, distribution
partners, and communication channel partners; (c) cus-
tomer-owned, such as customers’ own needs in the pre-
purchase phase or their choice of payment method dur-
ing purchase; and (d) social/external touchpoints,
encompassing other customers, peer influences, indepen-
dent information sources, and environments. Becker and
Jaakkola (2020) conducted a systematic review of 136
articles on customer experience and defined it as non-
deliberate, spontaneous responses, and reactions to sti-
muli. They identified four fundamental premises that
apply across settings and contexts: (a) customer experi-
ence involves customers’ spontaneous responses to
offering-related stimuli throughout the journey, which
can range from ordinary to extraordinary in intensity;
(b) these stimuli can be found within and outside firm-
controlled touchpoints and are interconnected, affecting
customer experience dynamically; (c) customer experi-
ence is subjective and context-specific because of its
dependence on customer, situational, and sociocultural
contingencies; and (d) while firms cannot create cus-
tomer experiences, they can monitor, design, and man-
age a range of stimuli that affect such experiences. These
premises serve as guidelines for future research related to
the customer experience. To clarify how methodological
choices shape our understanding of platform experience,
Table 1 contrasts seminal offline, online, and omni-
channel studies and highlights where their constructs and
findings converge or diverge.
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The contrasts in Table 1 reveal that experiential
dimensions migrate from sensory-affective roots to
cognitive-relational dominance as channels digitize, set-
ting the stage for the determinant-and-outcome relation-
ships we examine next. As this research focuses on buyer
experiences in online marketplaces, it is also important
to mention the online customer experience construct.
Online customer experience, a prevailing theme in the lit-
erature, has been assigned various names and definitions
in recent scholarly work, such as online customer experi-
ence (OCE), online customer service experience (OCSE),
and online shopping experience (OSE). Rose et al. (2012)
employed the term online customer experience (OCE),
defining it as “a psychological state that manifests as a
subjective response to an e-retailer’s website.” Drawing
on prior research, they posited that customer experience
encompasses two psychological states: the cognitive
experiential state (CES), which reflects the mental pro-
cessing of the customer while utilizing a website; and the
affective experiential state (AES), which pertains to the
emotions or feelings encountered during website usage.
Trevinal and Stenger (2014) used the term online shop-
ping experience (OSE) and defined it is a holistic and
subjective process resulting from interactions between
consumers, shopping practices and the online environ-
ment. Klaus (2013) employed the term online customer
service experience (OCSE) and defined it as the compre-
hensive mental perception of customers as they interact
with an online service provider and other customers,
encompassing the dimensions of functionality and psy-
chological factors. Bleier et al. (2019) used the term
online customer experience (OCE) and defined it as a
customer’s personal and psychological response to a
product’s presentation online and conceptualized it as a
multifaceted construct encompassing four dimensions:
informativeness (cognitive), entertainment (affective),
social presence (social), and sensory appeal (sensory).
The review of the online customer experience literature
shows that early work primarily emphasized the cogni-
tive dimension (Novak et al., 2000), a combination of
cognitive and affective dimensions (Liu et al., 2008) and
cognitive, affective, social and sensory dimensions (Bleier
et al., 2019).

Relational experience captures the buyer’s evaluation
of the quality of interpersonal and service interactions with
the marketplace and its sellers—manifested in respon-
siveness, fairness, problem resolution and trust. This def-
inition is conceptually distinct from the interface-driven
sense of human presence often labelled as “social experi-
ence” (Bleier et al., 2019).

Recent cross-disciplinary work clarifies how distinct
cognitive and relational facets of experience unfold in
digital marketplaces. Psychology scholarship frames cog-
nitive states as mental simulations triggered by stimuli

such as telepresence or information richness, fostering
utilitarian appraisals and perceived control (Novak
Hoffman, & Yung, 2000) . In contrast, marketing-
channel research positions relational states—built on
trust and reciprocity norms—as antecedents of durable
loyalty (Geyskens et al., 1998). Online-retail studies fre-
quently integrate functional and social cues into a single
holistic “online shopping experience” construct (Liu
et al., 2008). Conversely, two-factor frameworks—most
notably Rose et al. (2012), which distinguishes a
Cognitive  Experiential State from an Affective
Experiential State—underscore the analytical value of
separating utilitarian-cognitive from relational-affective
cues. Building on this insight, the present study deliber-
ately models variety and competitive pricing as cognitive
triggers, while service excellence operates as a relational
catalyst, thereby extending the separation to
marketplace-specific drivers.

Determinants and Outputs of Online Customer
Experience

Building on the offline—online contrasts summarized in
Table 1, high-task cues such as security and
informativeness—classified as cognitive facilitators in
Koronaki et al.’s (2023) review—are consistently associ-
ated with cognitive-oriented outcomes such as satisfac-
tion across markets (see Liu et al., 2008; Pandey &
Chawla, 2018). Conversely, low-task cues such as aes-
thetics and social presence amplify Affective Experiential
States (AES), a pattern replicated under different
research designs (Bleier et al., 2019; Chang et al., 2014).
Koronaki et al. (2023) further refine this distinction by
positioning convenience, effectiveness, and security as
high-task atmospheric cues, and entertainment, respon-
siveness, and interactivity as low-task cues. In their
synthesis, these authors show that high-task cues
strengthen the CES — satisfaction path, whereas low-
task cues magnify the AES — trust effect, thereby deli-
neating boundary conditions for our PLX model.
Building on this cue-based view, buyer experiences in
online marketplaces are influenced by a multitude of fac-
tors that collectively shape customer satisfaction and loy-
alty. Rose et al. (2011) list the determinants of buyer
experience as information processing, perceived ease of
use, perceived usefulness, perceived benefit, perceived
control, skill, trust propensity, perceived risk, and enjoy-
ment. They found that the outputs of the experience were
customer satisfaction and repurchase intention. Gulfraz
et al. (2022) investigated the relationship between online
customer shopping experience and online impulsive buy-
ing behavior. They found that impulsive online buying
behavior is affected by online buyers’ experience, which
is formed by the functionality components of a platform,
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including interactivity, informativeness, visual engage-
ment, navigation, and search ease, as well as the psycho-
logical components of that platform, including trust,
convenience, and enjoyment. They also found a mediat-
ing role for customers’ attitudinal loyalty and a negative
moderation of customers’ self-control on online impul-
sive buying. Rose et al. (2012) stated that online cus-
tomer experience is composed of cognitive experiential
states (CES) and affective experiential states (AES). They
identified, connectedness, customization, and ease of use
as antecedents of AES which are mediated by perceived
control. On the other hand, challenge and telepresence
are found in the antecedents of CES. According to their
research, the outcomes of online customer experience are
online shopping satisfaction, trust, and repurchase inten-
tion, with online shopping satisfaction being a critical
mediator between (CES) and (AES), and repurchase
intention. Building on the research conducted by Rose
et al. (2012), and Martin et al. (2015) extended the under-
standing of the antecedents and outcomes of online cus-
tomer experience in the e-retailing context. Their study
incorporated the perceived risk as an additional outcome
variable. The other outcome variables tested were online
shopping satisfaction, trust, and online purchase inten-
tion. The study revealed that ease of use and customiza-
tion are factors affecting perceived control.
Connectedness, however, was not significant, unlike the
study conducted by Rose et al. (2012). Aesthetics and
perceived benefits were found significant factors affecting
AES directly. In addition, results included that challenge
are insignificant for CES and telepresence inversely
affecting CES. The findings also emphasize the role of
perceived risk in online shopping as consumers balance
trust and risk during the purchasing process. Koronaki
et al. (2023) conducted an extensive systematic literature
review to analyze determinants and outcomes of the
online customer experience. The determinants were
grouped into site atmospheric cues, including high task-
relevant cues such as convenience, effectiveness, informa-
tiveness, security, and usability, and low task-relevant
cues such as site entertainment, responsiveness, social
aspects, and interactivity, and site interface features such
as interactive technologies, design elements, interface
with functional control, and content vividness. Their
study examined the outcomes of customer experience
including purchase intention, word-of-mouth, attitudes
toward the website, satisfaction, trust, and loyalty. Pham
and Ahammad (2017) found that customer satisfaction is
influenced by customer experience factors such as prod-
uct information, ease of use, customization, ease of
checkout, security assurance, order fulfillment, ease of
return, and responsiveness to customer service. Satisfied
customers tended to return and spread positive word of
mouth. In other words, this study claims that the

outcome of online customer experience is customer satis-
faction, which also gives rise to responses such as
repurchase intention and word-of-mouth. van Noort
et al. (2012) found that interactivity is an online customer
experience factor that shapes consumer behavior and
response by fostering an immersive environment on
brand websites, enhancing flow experience, and facilitat-
ing product understanding while minimizing attention to
irrelevant elements, consequently leading to positive atti-
tudes towards websites and brands and increased website
revisits, recommendations, and shop intentions. Bleier
et al. (2019) explored the impact of 13 design elements,
including linguistic style, descriptive product detail, bul-
leted product features, return policy information, prod-
uct feature crops, lifestyle photos, photo sizes, product
videos, customer star ratings, expert endorsement, com-
parison matrix, recommendation agent, and content fil-
ter, on online customer experience and their influence on
purchases. Their study, which is conducted across 16
experiments, revealed that product (search vs. experi-
ence) and brand (trustworthiness) characteristics can
either exacerbate or mitigate online shopping uncer-
tainty, thus moderating the effect of each experience
dimension on customer purchase. A field experiment on
real Amazon product pages further supported these find-
ings. Micu et al. (2019) investigated the role of online
customer experience in e-commerce by examining the
moderating effects of cognitive and affective experiential
states on the relationships between perceived value, satis-
faction, trust, and online repurchase intention. The
empirical results of their study support these predictions,
showing that online customer experience with the media-
tion of satisfaction, perceived value of visiting experi-
ence, and trust, lead to online repurchase intention. In
the study conducted by Liu et al. (2008), researchers
investigated the effect of certain determinants of online
shopping experience such as prompt delivery, responsive
customer service, comprehensive product information,
diverse product offerings, competitive pricing, enjoyable
web design, and secure transactions on customer satisfac-
tion through a holistic perspective. They found that these
determinants of the online shopping experience affect
customer satisfaction, which can ultimately lead to
higher customer loyalty, continuous shopping intentions,
and positive word-of-mouth, benefiting online retailers
in the long run. Cachero-Martinez and Vazquez-
Casielles (2021) identified key determinants of online cus-
tomer experience, which play a vital role in shaping cus-
tomer behavior and loyalty. In their study, the visual
experiences that refer to the overall design of the website,
such as its attractiveness, content organization, and the
absence of unwanted ads or links, as well as language
accessibility; intellectual experiences, such as the web-
site’s accessibility, download speed, ease of use, and the



Metehan et al.

presence of updated and relevant information that stimu-
lates creativity; social experiences, such as the ability to
access social networks, the website’s reputation on social
media, and the provision of trend information that aligns
with customers’ attitudes and lifestyles and pragmatic
experiences, such as the quality and price of products,
the level of service provided, attractive promotions, and
the consistent stock availability of promotional products;
and emotional experiences, such as happiness, excite-
ment, entertainment, encouragement, and surprise, are
listed as the determinants of online customer experience.
They also found that these determinants of online cus-
tomer experience affect customers’ emotional states,
which in turn improve customer loyalty. Hausman and
Siekpe (2009) conducted a comprehensive investigation
of the role of human and computer factors as determi-
nants of online customer experiences in the context of
web interface design. The human factors considered
included appeal, brand, color, enjoyment, entertainment,
graphics, and humor. The computer factors examined
were accessibility, ease of use, efficiency, informativeness,
layout, links, navigation, organization, performance,
reliability, responsiveness, search capabilities, security,
usefulness, and visual clarity. These determinants of
online customer experiences contribute to the formation
of intermediary outcomes, such as attitude toward the
site and the flow state experienced by users. These inter-
mediary outcomes were found to significantly influence
more critical outcomes, namely purchase intention and
intention to return. Hsieh et al. (2014) examined the role
of web atmospheric cues on customer emotions and pur-
chase intentions. The study focused on the Pleasure—
Arousal-Dominance (PAD) model as revisited by
Bakker et al. (2014) and investigated the effect of deter-
minants of online customer experience, including infor-
mativeness, navigational cues, perceived organization,
and entertainment on perceived dominance and arousal.
The findings suggest that perceived dominance has a
direct impact on purchase intention and an indirect effect
through pleasure. High task-relevant cues significantly
influenced perceived dominance, whereas low task-
relevant cues affected arousal. Chang et al. (2014)
researched to determine the influence of web aesthetics,
which consists of two dimensions—aesthetic formality
and aesthetic appeal—as well as emotional models on
online purchasing behaviors. These factors were consid-
ered antecedents of the online shopping experience. The
study discovered that aesthetic formality, encompassing
website layout, readability, and simplistic style (Lavie &
Tractinsky, 2004; Schenkman & Jonsson, 2000; Wang
et al, 2011), and aesthetic appeal significantly affect
users’ sense of control, resulting in enhanced pleasure
while browsing online retail websites. Conversely, aes-
thetic appeal refers to the extent of pleasure and

enjoyment that users derive from a website, which is a
reflection of the enjoyment, attraction, and entertaining
properties of website design (Lavie & Tractinsky, 2004;
Schenkman & Jonsson, 2000). The researchers concluded
that both pleasure and searching on other websites posi-
tively influence purchase behavior, with pleasure exerting
a more substantial impact.

Recent omni-channel evidence (Gulfraz et al., 2022)
demonstrates that platform experience influences impul-
sive buying indirectly via attitudinal loyalty and that this
pathway weakens under high self-control. We therefore
treat impulsivity as a contingent—rather than
universal—behavioral outcome within our theoretical
network of relationships.

Aim of This Study

This study pursues three interrelated aims: (a) to concep-
tualize cognitive and relational buyer experience within
multi-seller online marketplaces; (b) to develop and vali-
date a parsimonious Buyer Platform Experience (PLX)
scale that captures these dimensions; and (¢) to examine
their differential effects on customer loyalty. By addres-
sing these aims, we contribute (a) a construct definition
grounded in platform theory, (b) a rigorously validated
four-factor scale useful to scholars and practitioners, and
(c) empirical evidence linking distinct experience facets
to behavioral outcomes. These contributions frame the
analyses that follow.

Method
PLX Scale Development Methodology

To develop a valid and reliable PLX scale used for mea-
suring the platform experience of buyers as a result of
their interactions and transactions with and within the
marketplace, several stages of the scale development pro-
cess were implemented. The stages followed in this study
were borrowed from the procedures employed by the pre-
vious studies in the literature (Churchill, 1979; Hollebeek
et al., 2014; Netemeyer et al., 2003). The overall scale
development process consists of five stages including two
qualitative studies used to generate the construct and
dimension definitions, the generation of items using
expert reviews, and three quantitative studies used for
scale refinement, calibration, and validation processes.
The stages of the scale development process are explained
in Table 2.

(Study I: Conceptual Development of PLX Construct and
Dimensions). The first stage of the PLX scale develop-
ment and validation process is the conceptual develop-
ment of the PLX construct and the identification of its



SAGE Open

Table 2. Scale Development Process and Stages.

Scale development stages Process

Process explanation

Conceptual Development of
PLX Construct and Dimensions

Generation and Confirmation
of Scale Dimension Items

Testing of Buyer PLX Scale Pilot Testing

Confirmation of Buyer PLX Scale Purification

Validation of Buyer PLX Scale Theoretical Relationship

Validity Assessment

Construct and Dimension Generation

Item Generation and Confirmation

Interviews with professionals and consumers
Literature review on e-marketplaces
Generation of PLX construct and dimensions
Item generation for each PLX dimension
Content and face validity checks

Dimensionality checks and content confirmation
Scale testing survey to 139 consumers
Exploratory Factor Analysis (EFA)

Factor loadings and dimensionality checks
Reliability checks and Scale modification
Confirmatory Factor Analysis (CFA)
Unidimensionality and reliability assessment
Convergent and discriminant validity checks
Scale testing survey to 270 consumers
Repetition of Confirmatory Factor Analysis (CFA)
Unidimensionality and reliability assessment
Convergent and discriminant validity checks
Structural Equation Model (SEM) Analysis

sub-dimensions. Primarily exposed parties in the context
of PLX are the buyers who interact with and within
these e-marketplaces. Surveys were distributed via two
convenience channels: (a) university e-mail lists and (b)
LinkedIn groups of e-commerce enthusiasts. Table 5
reports the sample’s gender- and age-group composition;
nevertheless, convenience sampling may limit external
validity. Future studies should adopt probability-based
sampling to improve generalizability.

This stage of the scale development process, Study 1,
is divided into two parts. In the first part, we conducted
40 semi-structured interviews with experienced online-
marketplace buyers. Participants are asked to define the
PLX in the context of e-marketplaces and to list the
underlying dimensions of the PLX construct in e-market-
places. The definition of PLX construct was collected by
asking the question “How do you define the concept of
buyer experience in this e-marketplace?” Following this
question, participants are asked to answer the question
“Based on your previous experiences, what type of fac-
tors affect customer experience in e-marketplaces? Please
rank at least five factors from highest importance to low-
est importance.” Neutral clarification probes (e.g., ‘Could
you give an example?’) were used when necessary; no
leading or double-barreled questions were included.
Factor lists were then standardized for categorization
and ranking-score calculation. Listings of the partici-
pants generated nine groups of factors including Service
Quality, Product Variety, Promotions, Competitive
Pricing, Seller Variety, Ease of Shopping, Security,
Return Policy, and other factors including platform stan-
dards applied, content, and privacy. Table 3 includes the
factors listed by the participants and their respective

ranking counts based on the feedback provided by all
participants.

As a result of Study 1, the Cognitive and Relational
PLX construct for buyers in the e-marketplace is defined
as “The overall cognitive and relational perceptions of
the buyer as a result of interactions, communications,
and transactions with and within the e-marketplace
which collectively lead to cognitive and behavioral out-
comes.” The top five dimensions of cognitive and rela-
tional buyer PLX construct were identified based on the
participant ranking scores 30 and above as well as the
extensive literature review on customer experience. The
dimensions and respective definitions of each dimension
are provided in Table 4.

(Study 2: Generation and Confirmation of Scale Dimension
Items). The second stage of PLX scale development pro-
cess involves the generation and confirmation of items
under each dimension which were identified at the first
stage of the study. Following an intensive review of the
existing literature on customer experience, scale items for
each of the five dimensions of buyer experience were
identified. The summary information regarding the items
employed under the buyer experience dimension is pro-
vided in Table 5.

To enhance methodological transparency, we specify
the item-generation procedure. Drawing on the five PLX
dimensions identified in Study 1, an initial wording pool
was created by adapting statements from established
customer-experience scales cited in Table 4 (e.g.,
Szymanski & Hise; Liu et al.; Pham & Ahammad) and
rephrasing them to the marketplace context. Each candi-
date statement then underwent content- and face-validity
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Table 3. Buyers’ Platform Experience (PLX) Dimensions and Rankings.
Dimension ranking

# PLX Factor | 2 3 4 5 Total score
| Service Quality 14 I 9 | - 35
2 Product Variety 9 9 6 6 3 33
3 Promotions 7 7 8 7 3 32
4 Competitive Pricing 10 9 6 4 2 31
5 Seller Variety 2 8 9 I 30
6 Ease of Shopping - 2 3 7 7 19
7 Security - - - 3 4 7
8 Return Policy - - - 3 5 8
9 Other Factors - - - - 5 5

Total Rank Count 40 40 40 40 40 200

Table 4. Buyer Platform Experience (PLX) Dimensions and Definitions.

PLX dimension PLX dimension definition

Service Excellence
Product Variety
Promotions

The speed and effectiveness of responses to customer requests by the e-marketplace sellers
The number and variety of offerings provided to buyers in the e-marketplace
The existence of attractive discounts, coupons and other related applications creating financial

advantages for buyers shopping in the e-marketplace

Competitive Pricing
Seller Variety

The level of product prices in the e-marketplace compared to similar platforms in the internet
Number of sellers in the e-marketplace offering different, similar and the same products to buyers

Table 5. Buyer Platform Experience (PLX) Dimensions and
Items.

PLX dimension # of items Key references

Service Excellence 3 Pham and Ahammad (2017)

Product Variety 4 Szymanski & Hise (2000)
Liu et al. (2008)

Promotions 3 Gentile et al. (2007)
Cachero-Martinez &
Vazquez-Casielles (2021)

Pricing 3 Liu et al. (2008)

Seller Variety 3 Authors

evaluation by academic and practitioner experts, consis-
tent with the procedures outlined by Churchill (1979).
Items meeting consensus for relevance and clarity
formed the 16-item Buyer-PLX pool used in subsequent
pilot testing and validation. Content validity was estab-
lished through an expert-panel review and iterative cog-
nitive interviews conducted before any statistical testing.

Sampling and Data Collection

The exploratory (EFA) and confirmatory (CFA) phases
drew on distinct, non-overlapping participant pools

recruited via separate channels. As a result of Studies 1
and 2, the buyer PLX scale composed of five dimensions,
including 16 items was generated for the testing, confir-
mation, and validation processes. The sampling unit
formed to conduct the dimensionality tests, reliability
analysis, and validation of the scale was composed of
shoppers who regularly visit and shop from e-
marketplaces in the Turkish market. Respondents were
asked to fill out an online questionnaire which was dis-
tributed through the Survey Monkey data collection
tool. The sampling methodology employed was conveni-
ence sampling where authors distributed the question-
naire links through their personal and academic
network. The questionnaire link is sent to 835 respon-
dents and 182 responses were collected. The written
informed consent of the participants related to the par-
ticipation and processing of information was acquired.
As a result of cleaning incomplete responses and outliers,
a total of 139 valid responses were obtained. The compo-
sition of the sample employed with valid responses is
outlined in Table 6. Demographic information (age, gen-
der) was collected to describe the sample and assess
representativeness. Consistent with scale-development
guidelines that prioritize parsimony during initial valida-
tion (Boateng et al., 2018), these variables were not
entered as covariates in the structural equation model.
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Table 6. Buyer Platform Experience (PLX) Sample Composition.

Demographic factors Frequency Percentage
Gender

Male 65 46.8
Female 74 532
Total 139 100.0
Age Group

Below 18 2 1.4
1824 3 22
25-34 37 26.6
3544 55 39.6
45-54 27 19.4
Above 54 I5 10.8
Total 139 100.0
Occupation

Employee 104 74.8
Business Owner I8 12.9
Not Working 17 12.3
Total 139 100.0

Ethical Considerations

The data for this study were collected via an anonymous
online survey that included questions about general shop-
ping habits and demographic characteristics. No sensitive
or identifiable personal data were gathered. Participation
was fully voluntary, and respondents were informed
about the academic nature and purpose of the study. In
accordance with institutional and national research ethics
policies, formal ethical approval was not required.

All participants provided written informed consent
prior to participation. The consent process explicitly
informed participants that: (a) their responses would
remain completely anonymous, (b) no identifiable per-
sonal information would be collected, (c) participation
was voluntary with the right to withdraw at any time,
and (d) the data would be used solely for academic
research purposes.

The study design limited risk to participants by ensur-
ing complete anonymity, collecting only non-sensitive
data regarding shopping perceptions and experiences,
and avoiding any questions related to personal finances,
health, or other sensitive topics. These measures ensured
that participation posed minimal risk while contributing
valuable insights to academic understanding of e-
commerce platform experiences.

The research protocol prioritized participant welfare
while gathering data that contributes to both academic
knowledge and practical improvements in digital market-
place design. The potential benefits to society—including
enhanced understanding of buyer behavior and improved
platform experiences— substantially outweigh the mini-
mal time commitment required for survey participation.
In accordance with institutional and national research
ethics policies, formal ethical board approval was not

required for this type of anonymous, non-invasive survey
research involving adults and non-sensitive topics.

Results

(Study 3: Scale Testings of Buyer PLX)

The third stage of the PLX scale development process
involves the testing and validation of the scale. In the
testing stage, the dimensionality of the scale and the
reliability checks for each dimension of the scale were
completed. To start the process, first, the data set for the
scale was checked for sampling adequacy as well as sig-
nificance by conducting Kaiser-Meyer-Olkin (KMO)
and Barlett Test of Sphericity tests. Following the confir-
mative results of both tests, dimensionality for the scale
was tested through the Exploratory Factor Analysis
(EFA) technique to obtain the initial factor structure.
Modifications were also made to the initial factor struc-
ture for the scale at this stage before proceeding to the
confirmation of the scale. Following the testing process,
the factor structure was confirmed, and the model was
validated through the employment of Confirmatory
Factor Analysis (CFA) using SPSS AMOS 29.

Items with primary factor loadings = .50 and cross-
loadings < .30 were retained, following established
scale-development guidelines (Netemeyer et al., 2003;
Churchill, 1979). Missing data were handled via listwise
deletion because incomplete questionnaires were
removed during data cleaning, leaving no systematic
missingness. The final four-factor solution satisfied com-
monly accepted fit thresholds (CFI = .90, IFI = .90,
RMSEA = .08) as recommended by Anderson and
Gerbing (1988, pp. 411-413) and Byrne (2013, p. 45).
Minor deviations did not warrant re-specification
because they are theoretically consistent with the
platform-experience framework and preserve model par-
simony. To avoid unnecessary complexity in the main
text, the complete loading matrix and full set of model-
fit statistics are available from the authors upon reason-
able request.

The results of KMO (.876) and Barlett Test of
Sphericity tests (x2 = 1.383,572, df = 120, p<.001) con-
firmed the adequacy of the data to proceed with the
dimensionality tests. In the next step, the Exploratory
Factor Analysis (EFA) technique is conducted to test the
dimensionality, generate the initial factor structure, make
the necessary adjustments, and confirm the reliability of
each factor in the scale. To do this, the data set is ana-
lyzed through Principal Component Analysis (PCA)
employing the Varimax rotation method with Kaiser
Normalization to improve interpretability (Anderson &
Gerbing, 1988). The original number of dimensions
included in the analysis was five and the results yielded
four factors where Seller Variety and Offer Variety
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Table 7. Results of EFA and Reliability Checks.

Factors Items Factor loadings Eigenvalues % of variance Cronbach’s alpha
Competitive Pricing Price 3 .859 5.670 43.617 .885
Price | 831
Price 2 822
Level of Variety Seller Variety 2 .864 2.027 15.594 .828
Seller Variety | .838
Offer Variety 2 764
Offer Variety 3 672
Service Excellence Service 2 891 1.317 10.131 924
Service | .890
Service 3 .862
Promotions Offered Promo 2 891 1.145 8.807 .833
Promo 3 812
Promo | .646

merged into a single dimension called “Variety.”
Following the elimination of factor items with low load-
ings under each factor, the EFA was completed with
four factors and 13 measurement items. The four factors
represented 78.15% of the total variance. While prior
work defines online assortment breadth mainly in terms
of the sheer number of products available (e.g., Liu
et al., 2008), our qualitative pre-study revealed that buy-
ers intuitively fuse product abundance and seller abun-
dance into one holistic cue. We therefore relabeled the
construct Variety to reflect this integrative perception,
positioning the merge as a novel conceptual extension
beyond extant definitions. The results of the PCA are
presented in the following Table 7.

(Study 4: Scale Confirmations of Buyer PLX)

In the fourth stage of the study, the construct validity of
the scale was tested and confirmed through the employ-
ment of the Confirmatory Factor Analysis (CFA) as sug-
gested by Anderson and Gerbing (1988). CFA was
conducted with the inclusion of 4 factors and 13 mea-
surement items, which were generated as a result of the
EFA conducted in the third section of this study. CFA
analysis was conducted by employing SPSS AMOS 29
software. As suggested in the relevant literature by
Bagozzi and Yi (1990), to confirm the construct validity,
the Comparative Fit Index (CFI) and Incremental Fit
Index (IFT) should be above 0.9 level while CMIN/DF
ratio below the level of 3 and RMSEA below 0.10 are
regarded as satisfactory levels. Based on the mentioned
thresholds of fit indices, the results of the analysis con-
firmed the construct validity of the PLX scale (x2/DF
=1.034, CFI=0.998, IF1=0.998, RMSEA= 0.016).
The graphical representation of the PLX scale factors as
well as measurement items under each factor together

with the satisfactory intra-factor loadings above .50 level
are presented in Figure 1.

Following the confirmation of the construct validity,
additional validity and reliability checks for the PLX
scale are completed to confirm the convergent validity,
discriminant validity, composite reliability, and internal
factor reliabilities. Average Variance Extracted (AVE)
scores are calculated for each factor to test the conver-
gent validity of the scale. All AVE scores were above the
minimum required score level of 0.50 as suggested by
Byrne (2013) and this result confirmed the convergent
validity of the scale. To test the discriminant validity, the
square roots of each AVE score are calculated and these
scores are compared with the correlation of that factor
with other factors in the Buyer PLX scale. The result of
the comparison showed that there is no higher level of
correlation score than the corresponding square root
AVE score. This result confirmed the discriminant valid-
ity of the PLX scale as suggested in the relevant litera-
ture (Civelek, 2018). The composite reliability, as well as
internal reliability (Cronbach’s alpha) scores for each
factor, are calculated and all the scores generated were
above the 0.70 minimum threshold, confirming the com-
posite reliability as well as internal reliability as sug-
gested by Fornell and Larcker (1981). The results of the
validity and reliability checks are presented in Table 8.

All Composite Reliability (CR) values exceeded the
0.70 benchmark, every Average Variance Extracted
(AVE) value surpassed 0.50, and the square-root-of-AVE
for each construct was higher than its inter-construct cor-
relations, confirming convergent and discriminant valid-
ity (Byrne, 2013; Fornell & Larcker, 1981).

Convergent validity is supported because each con-
struct’s Average Variance Extracted exceeds the recom-
mended threshold, and Composite Reliability values are
satisfactory (Byrne, 2013 [Chap. 8]; Fornell & Larcker,
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| can find many sellers in this e-marketplace who
offer the same type of products.

913

The high number of sellers in this e-marketplace
makes it easy for me to find what | look for.

Products sold in this e-marketplace are similar to
those sold in other e-marketplaces.

| can find almost all products in this e-marketplace
in the related category.
in the related category

The relative price level for the standards provided
in this e-marketplace is fair.

The price level in this e-marketplace is very
competitive compared to other e-marketplaces.

| can purchase a good quality product with a
competitive price in this e-marketplace.

.872

| expect or | exactly know that this e-marketplace
will be responsive to my complaints.

| expect or | exactly know that this e-marketplace
will be responsive to my problems.

| expect or | exactly know that this e-marketplace
will be responsive to my demands.

913

This e-marketplace informs me continuously about
the promotional campaigns.

This e-marketplace provides many promotional
campaigns to consumers.

PPLPPPYLLPPPPPY

This e-marketplace provides very attractive
promotional campaigns compared to others.

.903

The reported standardized coefficients are significant at p<0.01 level.

Level of Variety

Competitive
Pricing

Service
Excellence

Promotions
Offered

The dotted lines represent the correlations between the dimensions of Buyer PLX scale.

VA4

Figure 1. Results of the confirmatory factor analysis.

Table 8. Buyer PLX Scale Validity and Reliability Checks.

Dimensions

Level of Variety
Competitive Pricing
Service Excellence
Promotions Offered
Composite Reliability

(75)
0.39%*
0.28%*
0.45%*
0.83

Average Variance Extracted (AVE) 0.57

Cronbach «

.83

(:85)
0.60%*
0.69%*
0.88
0.72
89

(92)
0.44%*
0.94
0.85
92

(72)

0.76

0.52
83

**Correlation is significant at the .0l level (2-tailed).
Diagonals show the square roots of AVE scores.
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1981 [p. 45]). Discriminant validity is confirmed via the
Fornell-Larcker test, as every square-root AVE is greater
than the corresponding inter-construct correlations.

(Study 5: Scale Validation of Buyer PLX)

To evaluate the Buyer PLX scale and confirm its theore-
tical relationship validity, we built a structural model to
test how Buyer Platform Experience (PLX) influences
customer loyalty. Previous research on the literature con-
firms the impact of experiences on customer loyalty. In
their study, Manyanga et al. (2022) measured the effect
of customer experience on customer loyalty in the bank-
ing industry and reported significant and positive effects.
Molinillo et al. (2022) investigated the impact of cus-
tomer experience and its sub-dimensions on the satisfac-
tion and loyalty of users in the retail app context. The
authors reported a significant effect of customer experi-
ence dimensions. Other studies also investigated the
effect of customer experience in the retailing context
(Bleier et al., 2019; Pandey & Chawla, 2018; Pekovic &
Rolland, 2020). In light of the previous studies, it is
believed that the four dimensions of the Buyer PLX
scale, namely Level of Variety, Competitive Pricing,
Service Excellence, and Promotions Offered, will have an
impact on customer loyalty. Building on the theoretical
foundation established above and supported by recent
empirical evidence across multiple e-commerce contexts,
we propose the following hypotheses.

H1: A higher level of variety perception in the e-
marketplace will have a positive effect on customer
loyalty.

Product variety represents the breadth and depth of
merchandise offerings available on e-commerce plat-
forms. In digital marketplaces, extensive assortments
reduce search costs and increase purchase convenience
(Szymanski & Hise, 2000). Evidence from Chinese e-
commerce platforms confirms that wider merchandise
variety positively impacts satisfaction, subsequently driv-
ing loyalty (Liu et al., 2008). Greater variety enhances
perceived value by offering consumers options matching
their preferences, thereby reducing opportunity costs and
increasing platform commitment. In this study, the vari-
ety dimension was empirically found to be a unified con-
struct, combining product offerings (merchandise
breadth) and the number of sellers providing these offer-
ings, reflecting buyers’ holistic evaluation of assortment
abundance in multi-sided platforms.

H2: Higher competitive pricing perception of consu-
mers will have a positive effect on customer loyalty.

Competitive pricing perception captures buyers’ eva-
luation of price competitiveness relative to alternative
platforms. In transparent e-commerce contexts where
consumers readily compare costs, competitive pricing
significantly predicts satisfaction and loyalty (Liu et al.,
2008). Cross-industry evidence demonstrates that pricing
perceptions influence loyalty both directly and indirectly
through satisfaction, with this relationship validated
across freight forwarding (Risnawati et al., 2019), hospi-
tality (Saputra & Djumarno, 2021), and airline contexts
(Setiawan et al., 2021). Price fairness research further
demonstrates that competitive pricing—perceived as dis-
tributive fairness—directly influences loyalty when prices
are justified and transparent (Martin et al., 2009).

H3: A higher level of service excellence will have a
positive effect on customer loyalty.

Service excellence in digital commerce encompasses
platform responsiveness, problem resolution efficiency,
and customer support quality. Cross-industry evidence
demonstrates that service quality influences loyalty
through both direct and satisfaction-mediated pathways:
freight forwarding research identifies service quality as
the dominant satisfaction driver (Risnawati et al., 2019);
hospitality contexts confirm direct loyalty effects along-
side satisfaction-mediated effects (Saputra & Djumarno,
2021); and airline studies validate significant direct and
indirect effects through satisfaction (Setiawan et al.,
2021). Research on Indonesian e-commerce platforms
further demonstrates that service quality’s impact on loy-
alty operates fully through satisfaction, indicating that
superior service must first generate satisfaction before
translating into loyalty behaviors (Rizan et al., 2020).

H4: A higher level of promotion effectiveness percep-
tion will have a positive effect on customer loyalty.

Promotional strategies—including price discounts,
flash sales, and shopping festivals—are widely used in e-
commerce. However, research demonstrates that promo-
tional effects on loyalty operate through indirect path-
ways rather than direct causal links. Studies of large-scale
online social promotions demonstrate that perceived pro-
motional incentives influence loyalty primarily through
two mediators—flow experience and satisfaction—with
direct effects on loyalty being non-significant (Zhang &
Li, 2024). This mediated mechanism exhibits substantial
context-dependency: multichannel grocery shopping
research reveals that price promotions strongly influenced
brand choice offline but showed no significant effect
online (Arce-Urriza et al., 2017).
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Table 9. Validity and Reliability Checks.

Dimensions | 3 4 5
Level of Variety (0.72)

Competitive Pricing 0.25%* (0.77)

Service Excellence 0.25%* 0.50%** 0.91)

Promotions Offered 0.31** 0.50%* 0.41%* (0.70)

Loyalty 0.25%* 0.39%** 0.37** 0.39%** (0.76)
Composite Reliability 8l 8l 93 .74 79
Average Variance Extracted (AVE) 0.51 0.59 0.82 0.50 0.57
Cronbach a .82 84 93 .80 75

**Correlation is significant at the 0.01 level (2-tailed).
Diagonals show the square roots of AVE scores.

The three-item and five-point Likert-type scale used to
measure the loyalty of customers was employed based on
the study of Flavian et al. (2006) who reported a satisfac-
tory level of internal reliability (Cronbach’s alpha) score
of .77. The same test was conducted for this study and
generated a Cronbach’s alpha score of .75 leading to the
confirmation of internal reliability.

The sampling unit employed for the validation of the
Buyer PLX scale was composed of shoppers who regu-
larly visit and shop from e-marketplaces in the Turkish
market. Respondents were asked to fill out an online
questionnaire which was distributed through the Survey
Monkey data collection tool. The sampling methodology
employed was convenience sampling where authors dis-
tributed the questionnaire links through their personal
and academic network. The questionnaire link was sent
to 1756 respondents and 378 responses were collected.
The written informed consent of the participants related
to the participation and processing of information was
acquired. As a result of cleaning incomplete responses
and outliers, a total of 270 valid responses were obtained.

To validate the scale, evaluate the structural model,
and test the proposed hypothesis, structural equation
modeling (SEM) was utilized. First, the construct valid-
ity of the model was tested and confirmed through the
employment of the Confirmatory Factor Analysis (CFA)
as suggested by Anderson and Gerbing (1988). CFA
analysis was conducted by employing SPSS AMOS 29
software. As suggested in the relevant literature by
Bagozzi and Yi (1990), to confirm the construct validity,
the Comparative Fit Index (CFI) and Incremental Fit
Index (IFT) should be above 0.9 level while CMIN/DF
ratio below the level of 3 and RMSEA below 0.10 are
regarded as satisfactory levels. Based on the mentioned
thresholds of fit indices, the results of the analysis con-
firmed the construct validity of the PLX scale (x2/DF
=1.190, CF1=0.993, IF1=0.993, RMSEA = 0.016).

Following the confirmation of the construct validity,
additional validity and reliability checks were employed

to confirm the convergent validity, discriminant validity,
composite reliability, and internal factor reliabilities.
Average Variance Extracted (AVE) scores are calculated
for each factor in the model to test the convergent valid-
ity. All AVE scores were above the minimum required
score level of 0.50 as suggested by Byrne (2013) and this
result confirmed the convergent validity. To test the dis-
criminant validity, the square roots of each AVE score
are calculated and these scores are compared with the
correlation of that factor with other factors in the model.
The result of the comparison showed that there is no
higher level of correlation score than the corresponding
square root AVE score. This result confirmed the discri-
minant validity of the model as suggested in the relevant
literature (Civelek, 2018). The composite reliability, as
well as internal reliability (Cronbach’s alpha) scores for
each factor, are calculated and all the scores generated
were above the .70 minimum thresholds, confirming the
composite reliability as well as internal reliability as sug-
gested by Fornell and Larcker (1981). The results of the
validity and reliability checks are presented in Table 9.
The structural model was evaluated by calculating the
goodness of fit indices, the root-mean-square error of
approximation (RMSEA), and the x2 goodness of fit
statistic. As suggested by Bagozzi and Yi (1990),
Comparative Fit Index (CFI) and Incremental Fit Index
(IFI) scores above 0.9, RMSEA below 0.10 and CMIN/
DF ratio below the threshold level of 3 are satisfactory
levels. Based on the mentioned thresholds of fit indices,
the results of the analysis confirmed the structural model
validity (x2/DF =1.216, CFI=0.991, IFI1=0.992,
RMSEA = 0.028). Based on the results, the level of vari-
ety in terms of alternative sellers and associated product
offerings is found to have a positive and significant effect
on the loyalty level of consumers in the e-marketplace.
Similarly, the perception related to the competitiveness
of price level applied in the e-marketplace compared to
other marketplaces is found to have a significant and
positive effect on the loyalty of consumers. On the other
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Table 10. Results of Buyer PLX Hypothesis Testing.

# Relationship Standardized coefficients Unstandardized coefficients Result
HI Level of Variety > Loyalty 0.204* 0.162* Accepted
H2 Competitive Pricing > Loyalty 0.282* 0.253* Accepted
H3 Service Excellence - Loyalty 0.199* 0.164* Accepted
H4 Promotions Offered - Loyalty 0.043 0.040 Not Accepted
*Significant at the 0.05 level.
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Figure 2. Results of the buyer PLX structural model testing.

hand, service excellence also is found to have a positive
effect on the loyalty of consumers. Finally, the promo-
tions offered in the e-marketplace are found to have no
significant effect on loyalty. The results of the hypothesis
testing are presented in Table 10 while the structural
model and the relationship between the variables are pre-
sented in Figure 2.

Criterion-related validity was assessed with a struc-
tural model showing that the four PLX dimensions
jointly predict customer loyalty, consistent with estab-
lished model-fit guidelines (Anderson & Gerbing, 1988;
Bagozzi & Yi, 1990).

Discussion

This study aimed to develop and validate a cognitive and
relational experiential scale of buyers in the e-market-
places. The methodological approach borrowed from the
studies of Hollebeek et al. (2014), Netemeyer et al. (2003)
and Churchill (1979), included five studies which are

used to develop the construct, identify the scale items,
test the scale, and validate the buyer PLX scale. The
review of the online customer experience construct led us
to the conclusion that the dimensional approach of previ-
ous studies include only the cognitive dimension (Novak
et al., 2000), the combination of cognitive and affective
dimensions (Liu et al., 2008), and cognitive, affective,
social, and sensory dimensions (Bleier et al., 2019). At
this point, it is important to remember that the focus of
this study is the cognitive and relational experiential state
of buyers in the e-marketplaces. As a result of buyer
interviews as well as an extensive literature review on the
online experience context, five dimensions of cognitive
and relational buyer experience dimensions were identi-
fied including the level of variety, competitive pricing,
service excellence, and the effectiveness of promotions.
Although many other aspects of customer experience
are studied in the marketing literature, the primary focus
was the highest-ranking factors listed by the buyers who
were interviewed. Thus, several other factors that are
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studied as contributors to customer experience in a digi-
tal context but not mentioned or ranked lower in the
buyer interviews were not included in the scale. One of
the dimensions identified as the cognitive determinants
of the experiential state of buyers in the e-marketplace
context was the variety factor which represents the num-
ber of product offerings and sellers who provide these
offerings in the e-marketplace. The number of offerings
in the online context was one of the factors identified in
the previous studies (Liu et al., 2008) while the number
of sellers who provide these offerings was the addition of
the authors in this study. These two factors are combined
into the variety dimension of the buyer PLX scale. By
demonstrating that consumers naturally evaluate “many
products offered by many independent sellers” as a single
experience driver, this study extends existing assortment
research and clarifies why the merged Variety factor
emerged empirically in the EFA. The service excellence
dimension of buyer PLX scale was the focus of many
studies in the literature and many studies reported the
positive impact of its components on the online customer
experience (Koronaki et al., 2023; Pham & Ahammad,
2017). Similarly, the second dimension of the buyer PLX
scale, the competitive pricing level of the e-marketplace
compared to other e-marketplaces, is the reflection of the
value provided to the customers transacting in the e-mar-
ketplace, and it was the focus of several studies in the lit-
erature reporting it as one of main determinant of the
online customer experience (Cachero-Martinez &
Vazquez-Casielles, 2021; Micu et al., 2019). Finally, the
promotional effectiveness of the e-marketplace was also
another factor of online customer experience reported in
the existing literature (Cachero-Martinez & Vazquez-
Casielles, 2021).

The theoretical relationship validity assessment of the
buyer PLX scale was conducted through the measure-
ment of the effect of scale dimensions on buyer loyalty
towards the e-marketplace they already prefer. The
results of the study showed that the competitive pricing
level perception of consumers for the e-marketplace they
mostly use compared to other e-marketplaces was found
a significant and positive contributor to their customer
loyalty in the e-marketplaces they prefer. Similarly, the
variety dimension which includes the perception of con-
sumers related to the number of offerings as well as the
number of sellers in the e-marketplace who provide these
offerings is found to have a significant and positive effect
on the customer loyalty in the e-marketplace. Finally, the
service excellence perception of consumers, which indi-
cates the success of responsiveness of the e-marketplace
regarding the problems, inquiries, and questions is also
found to be a contributor to customer loyalty in the e-
marketplaces. On the other hand, the effectiveness of
promotions is found to have no significant effect on the

customer loyalty in the e-marketplaces. This null result is
explained by the short-term nature of promotions—
especially within a context saturated by concurrent
nationwide discount campaigns. During our data-
collection window, temporary price incentives were ubi-
quitous, rendering any single marketplace’s offers less
distinctive. Moreover, stand-alone discounts seldom fos-
ter the attitudinal commitment captured by our loyalty
construct unless they are embedded in a broader prag-
matic shopping experience. Prior e-retail research simi-
larly reports that limited-time discounts bolster loyalty
only when combined with richer experiential cues
(Cachero-Martinez &  Vazquez-Casielles,  2021).
Consistent with this interpretation, recent omnichannel
evidence shows that integrated promotions primarily ele-
vate the cognitive facet of customer experience without
producing a direct attitudinal-loyalty gain (Gao et al.,
2021). Consequently, our non-significant H4 finding sug-
gests that respondents evaluated routine, saturated price
incentives rather than integrated experiential promo-
tions. Because our data are cross-sectional, we were
unable to model how promotional intensity varies over
time; future longitudinal or experimental work is there-
fore needed to isolate timing effects. Overall, competitive
pricing perception and variety are cognitive aspects of
customer experience, whereas service excellence reflects
both cognitive and relational facets. It is important to
distinguish e-marketplaces from standalone company
websites in online shopping. Consumers primarily visit e-
marketplaces to browse a wide assortment of products
and sellers, compare prices, enjoy high-quality service,
and shop securely. Thus, the motivations driving e-
marketplace use are chiefly cognitive and relational.

The theoretical relationship validity assessment of the
buyer PLX scale shows us that e-marketplace profession-
als who target to improve customer retention perfor-
mance of their e-marketplaces need to be sensitive to
three important factors which are the main dimensions
of the buyer PLX scale. Variety is critical; therefore
retention efforts should prioritize strategic assortment
expansion and sustained seller participation. Dedicated
PLX programmes can incentivise sellers and ensure
breadth and depth across categories. In addition to the
variety, service excellence level is one of the crucial key
success factors in the retention of customers. Therefore,
e-marketplace managers need to develop and sustain
higher service standards in their e-marketplaces. These
standards need to be strictly applied by the respective
seller stores in the e-marketplaces. Competitive pricing
perception of consumers regarding the value advantages
of e-marketplaces they prefer is another important factor
contributing to their cognitive experiential state in the e-
marketplace context. As one of the primary motivations
of consumers to engage with e-marketplaces is to
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compare prices and get value advantage, this significant
and positive contribution of competitive pricing percep-
tion on customer loyalty is highly expected. Managers of
e-marketplaces need to take into consideration this
strong tendency of value-seeking behavior in e-
marketplaces and adjust their pricing policies and stan-
dards taking into consideration the competitive frame of
reference. Effective pricing policies and standards will
lead to a higher level of support of the cognitive experi-
ential state of consumers which will eventually help the
retention of e-marketplace customers.

Building on these findings, marketplace operators can
embed the four-factor Buyer-PLX scale in quarterly
voice-of-customer (VoC) surveys, seller-performance
dashboards, and live A/B experiments that track how
interface or policy changes affect buyer experience in real
time. Academics can incorporate the instrument into
structural models of trust mediation, cross-channel spill-
over, or culture-based moderation, thereby enabling
cumulative theory building around two-sided-platform
dynamics.

Methodologically, this study relied on a non-probabil-
ity, single-country sample and exclusively self-reported,
cross-sectional data—conditions that may introduce
common-method bias and limit causal inference. The
absence of objective behavioral metrics prevents triangu-
lation with revealed-preference measures. These factors
should be acknowledged when generalizing the results.
Further research should replicate the Buyer-PLX scale
with probability samples across multiple countries, test
configural, metric, and scalar invariance, and use longitu-
dinal or experimental designs to isolate causal pathways.
Future work could first manipulate product- versus
seller-level assortment to test the stability of the unified
Variety construct. Additional studies should model buyer
trust as a mediator of the Service-Excellence effect and
examine whether age or gender moderates any PLX-loy-
alty relationships, thereby sharpening the boundary con-
ditions of our findings.

This study therefore enlarges experience-measurement
theory by confirming that a streamlined four-factor PLX
framework—anchored in cognitive (variety, competitive
pricing) and relational (service excellence) cues—
accounts for buyer loyalty in two-sided marketplaces.
More broadly, our results call for platform strategies
that privilege long-term assortment expansion, transpar-
ent value signaling, and seller-level service governance
over short-term discount tactics. Implementing these
priorities not only reinforces buyers’ cognitive assess-
ments of value but also nurtures the relational trust
required for sustainable retention.

Although the CFA indices confirm an excellent four-
factor structure within our dataset, replication studies
using platforms that manipulate product- and seller-level

assortment separately are needed to verify the stability of
the unified Variety construct; this analysis could not be
conducted with the existing dataset, and therefore consti-
tutes a study limitation. In addition, because the PLX
scale was validated solely with Turkish consumers and
age- or gender-based differences were not examined,
future research should test configural, metric, and scalar
invariance across cultures and run multi-group analyses
by age and gender to uncover potential moderating
effects.

Although our discriminant-validity tests confirmed
that Service Excellence is statistically distinct, prior meta-
analytic work shows that buyer satisfaction—a core senti-
ment rooted in perceived service quality—correlates
strongly with trust (Geyskens et al., 1998). Consequently,
part of the Service Excellence — Loyalty effect may be
routed through unmeasured trust perceptions. Future
studies should model buyer trust explicitly to disentangle
direct versus trust-mediated effects.

The current research did not examine whether the
PLX-loyalty relationships vary across age or gender.
Future studies with larger and more balanced subsam-
ples should conduct measurement-invariance and multi-
group analyses to explore these potential moderating
effects.
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